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Mini Course on The Dynamics of Economic 
Decision Making 

 

Graduate School of Decision Sciences Konstanz, July 2017  
• Professor: Ian Krajbich  

– Krajbich.1@osu.edu 

 

 • Course Description 

 –  The target group of the course are students who are interested in 
understanding the processes underlying decision making. 

 –  The course will introduce students to sequential sampling models 
(also known as evidence-accumulation or drift-diffusion models) 
and how they have been used in psychology and neuroscience. 

 –  We will then discuss applications to economics, reviewing related 
work in experimental economics and neuroeconomics. 

 –  Finally, we will go over how to code sequential sampling models 
and explore existing software packages that implement them. 

  

 • Tentative Plan for the Course   

   –  Lecture 1 (19.7., Room D201, 13:30 – 15:00): 
 Introduction to Sequential Sampling Models 

   –  Lecture 2 (19.7., Room D201, 15:15 – 16:45): Variants of 
Sequential Sampling Models 
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   –  Lecture 3 (20.7., Room H301, 11:45 – 13:15): Neural 
Mechanisms Underlying Sequential Sampling Models 

   –  Lecture 4 (21.7., Room C421, 11:45 – 13:15): 
Applications to Economic Decision Making 

        – Lecture 5 (21.7., Room D430, 15:15 – 16:45): Hands-on Coding    

         and Toolboxes for Implementing Sequential Sampling Models  
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